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LLM-jp

0.7
* Largest effort to train
an open LLM from scratch o R e N e e T N e R ) e e
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checkpoints are open 0.5 1
. . . — |Imjp3-150m
Constantly monitoring g — limjp3-1.8b
049 — lmjp3-3.7b
benchmark performance 3 — limjp3-7.2b
- —— |Imjp3-13b
S —— llmjp3-172b
* 172B benchmark scores £ 03] — Imjp3-172b-instruct2
. £ — ==~ gpt-35-turbo-16k-0613
are saturating = ~ -~ gpt-4-0613
* Instruct model beats 0.2 7
GPT-3.5
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Trained tokens [109]



Swallow

Average score of Japanese understanding and generation tasks (>20B base models)

* Continual pre-training 0.8
from open models 0.7
.6232
- Create original Japanese 0.6 . 662 5682 5692 5932 .5934
s0ag 5183 2207
dataset from CommonCrawl 0.5 sees sy 4781 956 4998
4318 4444

* Currently #1 among 0.4
LLMs trained in Japan 0.3
- Qwen2.5 is a little better 0.2
than Swallow 0.1
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OpenAl
* 03

Google

* Gemini 2.0 Flash Thinking

X.ai
- Grok 2

Anthropic

* Claude 3.5 Sonnet

Meta
* Llama 3.3

Mistral Al
* Mistral Large 2

Alibaba
* QwQ

NVIDIA
* Nemotron 4

AWS

* Nova Premier
Microsoft Azure
- Phi 3

TTI

* Falcon 3

Cohere
* Command R+

DeepSeek
* DeepSeek R1

0.1-Al
* Yi Large

DataBricks
- DBRX

Perplexity
* Sonar 3.1 Large

Reka
- Reka Flash

Al21Labs
- Jamba 1.5 Large


https://artificialanalysis.ai/models

OpenAl 03

3000

2000

Elo

1000

Competition Code

(Codeforces)
1891
1258
ol ol
preview

2727

accuracy

03

100

80

60

40

20
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48.9
41.3
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GPQA Diamond (Scientific Reasoning & Knowledge)

GPQA Diamond scores independently evaluated by Artificial Analysis; Higher is better
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Research Math
(EpochAl Frontier Math)

25.2
2.0 _
previous 03
SoTA

P Watch

$134.70

1:10AM 12

129.81
et Cap 3.30T
Year High  152.89

More about NVI

Ask follow up...

O SERIES PERFORMANCE / ARC-AGI SEMI-PRIVATE EVAL

100%

AVG. MTURKER

STEM GRAD

76%
@ 03 LOW (TUNED)

88%
03 HIGH (TUNED) @

88% 78% 77% o J KAGGLE SOTA
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* Results claimed by OpenAl, not yet independently benchmarked by Artificial Analysis
COST PER TASK




Frontier Math

Prime field continuous extensions

Research Math
(EpochAl Frontier Math) Problem Solution

100
5 Let a, for n € Z be the sequence of integers satisfying the recurrence formula
60

a, = 198130309625a,,_; + 354973292077a,,_, — 427761277677a,_3 + 370639957 a,,_4

40

accuracy

25.2

20 with initial conditions a; = i for 0 < ¢ < 3. Find the smallest prime p =4 (mod 7) for which the function Z — Z
o 20 o given by n — a, can be extended to a continuous function on Z,,
previous 03

SoTA

Find the degree 19 polynomial

Problem Solution

Construct a degree 19 polynomial p(z) € C[z] such that X := {p(z) = p(y)} C P* x P! has at least 3 (but not
all linear) irreducible components over C. Choose p(m) to be odd, monic, have real coefficients and linear
coefficient -19 and calculate p(19).
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Z824 ARC-AGI-PUEB HIGH SCORES

o (Coming Soon3 FE.7TXH
ol-preview i8¥%
Claude 3.5 Sonnet 14¥
GPT-40 sSx
Gemini 1.5 £.85X

CODE
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Ex.1 Input

Ex.3 Input

SCORE

O SERIES PERFORMANCE / ARC-AGI SEMI-PRIVATE EVAL

100% STEM GRAD
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KAGGLE SOTA
50%
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0%
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COST PER TASK
(20x20) Ex.1 Output (20x20) Ex.2 Input (20x10)
— —
(14x13) Ex.3 Output (14x13) Test Input (25x23)
- -

88%

O3 HIGH (TUNED) @

$1,000.0

Ex.2 Output

Test Output?

(20x10)

(25x23)




o1-like models from China

O1-CODER: AN O1 REPLICATION FOR CODING

Yuxiang Zhang, Shangxi Wu, Yuqi Yang, Jiangming Shu, Jinlin Xiao, Chao Kong & Jitao Sang*
School of Computer Science and Technology

Beijing Jiaotong University

Beijing, China

{yuxiangzhang, wushangxi, yqgyang, jiangmingshu, jinlinx, 23120361,
jtsang}@bjtu.edu.cn

Alibaba

International 2024-11-26

Marco-o1: Towards Open Reasoning Models
for Open-Ended Solutions

Yu Zhao*, Huifeng Yin*, Bo Zeng, Hao Wang, Tiangi Shi, Chenyang Lyu, Longyue Wang, Weihua Luo, Kaifu
Zhang

MarcoPolo Team, Alibaba International Digital Commerce

%2 Generative Al Research

O1 Replication Journey: A Strategic Progress Report — Part 1

Yiwei Qin'** Xuefeng Lil** Haoyang Zou** Yixiu Liul** Shijie Xial:4*
Zhen Huang* Yixin Ye!'* Weizhe Yuan? Hector Liu® Yuanzhi Li® Pengfei Liu'4"
1Shanghai Jiao Tong University, 2New York University,
3MBZUAI, “Generative Al Research Lab (GAIR)

@2‘ Generative Al Research

O1 Replication Journey — Part 2:
Surpassing O1-preview through Simple Distillation
Big Progress or Bitter Lesson?

4 % 4% 1,4% 1,4% 1,4%

Zhen Huang** Haoyang Zou** Xuefeng Li Yixiu Liu Yuxiang Zheng
Ethan Chern'** Shijie Xial">** Yiwei Qin? Weizhe Yuan® Pengfei Liu'-2f
IShanghai Jiao Tong University, 2SII, 3NYU,
4Generative AI Research Lab (GAIR)

Benchmark QwQ 32B-preview OpenAl o1-preview OpenAlo1-mini Claude3.5 Sonnet Qwen2.5-72B Instruct GPT-40
GPQA 65.2 28 60.0 65.0 49.0 53.6
AIME 50.0 44.6 56.7 16.0 23.3 9.3
MATH-500 90.6 85.5 90.0 78.3 82.6 76.6
LiveCodeBench 50.0 53.6 58.0 36.3 30.4 334



Al for Al % Al for Sciencelc27%F 3

Trillion Parameter Consortium®Xig#4: 75 #Exit
- OpenAlvAnthropic & #:& L. Al for Science D K@/ $TExia% iR b /=
- Domain specific foundation model — Domain specific benchmarks
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AM D G PU ‘: B Lj- % LLM d)'l‘i ﬁg H100 vs H200 vs MI300X Basic Specifications

MI300X

TH=A2IH 26 7 Watts Per GPU (TDP) 750
¢ M I 300)( Lj: - EIH:H Iﬂz Hb Lj: H 200 CJ: D A] L \ All-in System Watts Per GPU 1,275 1,275 1,275
e LLMO®D ? s—'é:-' D ’l‘_’:'tl_ ﬁg Lj: ;\L%_ 75\ {,{_’_ 'f& L) Memory Capacity (GB) 0GB 141GB 192GB
Memory Bandwidth (GB/s) 3,352 4,800 5,300

o L 7_—\\”/ L(_-_- cJ: 2> C (/j: é 5 L: 1—&\'\ FP16/BF16 TFLOPS' landilysiSygg 989 1,307

FP8 / FP6 / Int8 TFLOPS' 1,979 1,979

o Z O) ’I‘i ﬁlé Il:j —g— 7—3 Lj‘ —z\‘\ % ﬁg 1. All FLOPS are dense

BF16 Single Node - 8 GPU Training Performance - Model TFLOP/s FP8 Single Node - 8 GPU Training Performance - Model TFLOP/s

H100 Public Stable Release H200 Public Stable Release MI300X H100 Public Stable Release H200 Public Stable Release

Nov 25th Custom Image

W MI300X Stable Public Release W MI300X Public Nightly MI300X
PyTorch 2.5.1 Dec 19th Dec 21st WIP dev build

DDP GPT 1.5B FSDP Llama3 8B FSDP Llama3 70B Proxy 4 FSDP Mistral 7B v0.1 DDP GPT 1.5B FSDP Llama3 8B FSDP Llama3 70B Proxy 4 FSDP Mistral 7B v0.1
Layer I
Model 4 Model ayer

https://semianalysis.com/2024/12/22/mi300x-vs-h100-vs-h200-benchmark-part-1-training/

MI300X MI300X
Nov 25th Custom Image Dec 21st WIP dev build

2
a
(=]
—
[T
(=
(]
=
(=}
T

Model TFLOP/s




